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To evaluate generalization to conversational
speech, we we compiled data from real world
usage of Euphonia’s data collection app.
Speech-language pathologists

Limitations of personalization For evaluation and training of
speaker-independent (SI) ASR models for
impaired speech we split the full Euphonia
prompted speech corpus such that there is no
overlap both at the speaker and phrase level

between the training validation and test sets.

Through feedback from users of Project Relate gathered by our
speech-language pathologist team, we have identified some
challenges to personalization:

e Ensure training helps improve on all categories of disordered speech
e Observe: No regression on standard and multilingual speech eval sets.

e scrubbed data of any P,
e transcribed the speech
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lead to incorrectly recorded prompts.

Degenerating speech intelligibility: Diseases like A
cause people’s speech to decline in a unpredictable
way. Continuous recording is needed to mitigate this
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Objective: Speaker Independent ASR

. 40 Conclusion
e Speaker Independent ASR (SI-ASR): Need a speaker-independent § : Given the substantial benefit of adding disordered speech data to
(unpersonalized) ASR model which works well on disordered speech. . . ’ standard ASR training datasets to help improve recognition for
Generalize to conversational speech: Should generalize well to conversational 0 - o - @mpaired speakers (withou_t loss on standgrd e_val. benchmarks),
e s Relcapmsm | cmmen incorporating a small fraction of high quality disordered speech data
speech. in a training recipe is an easy step that could be done to make

RNN-T Models Fail to Generalize to Out-of-Domain Audio: Causes and Solutions Google USM: Scaling Automatic Speech Recognition Beyond 100 Languages

No regression on standard speech evals: The ideal best-case scenario is to g s N o o el Y o, o P Yol T i rtrg VAo g S M G e ke speech technology more accessible for users with speech
ensure there is no regression on standard ASR benchmarks so the same model disabilities.

can be used for all users to provide a good experience. Method: Finetune and adapt on disordered speech with different weights on
SI-ASR training data and other speech training datasets.
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